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Fuzzy Reasoning Based Computer-Aided Diagnosis for Automated Discrimination

of Myocardial Heart Disease from Ultrasonic Images
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Fig.1 Examples of echocardiograms. (a) end-
diastole, (b) end-systole, and (c) composite
images.
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Fig.2 Gaussian-distributed membership functions.
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Table 1 Performance comparison for various CADs.

Method Data set TP N FP FN Accuracy Sensitivity Specificity
BP-NN g 190 171 ; :‘1‘ 82.1% 83.0% 80.8%
GA-NN a w2 2 88.7% 91.7% 86.4%
Fuzzy g }8 ié } 2 91.4% 91.7% 91.3%
GA-Fuzzy ‘g‘ }8 }f g g 95.9% 91.7% 100%
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